ABSTRACT
[bookmark: _GoBack]Regression analysis of large data sets (multivariate data) such as chemometric and microarray data which has more variables than the number of observations (n << p) which are usually highly collinear is usually inadequate using the classical multiple regression analysis. This paper employ the use of Partial Least Squares Regression (PLSR) to remedy those inadequacies, as a regression technique that regress through a new orthogonal variables (latent variables) obtained sequentially using a modified NIPALS Algorithm. Benchmark dataset consisting 80 observation and 700 wavelengths (variables) for independent variables; the response variables compose of (Moisture, Oil, Protein and Starch) of 80 observation. The data were randomly divided into estimation and validation sets, consisting of 60 and 20 random samples respectively. Regression Estimates were obtained, Root Mean Square Error of Prediction was computed in order to obtain the predictive accuracy and was used to determine the optimal number of components in the model. Base on the results, 9, 7, 16 and 11 were found to be the optimal number of component in each of the model for the four variables respectively in the PLS1 (Univariate Case). Conclusively, PLSR is seen to be an efficient, very fast and suitable method for handling large data set capable of handling regression analysis of chemometric data.   

